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Figure 1. Alice and Bob’s decision problem in Matching Pennies.



Figure 2. Payoff tables. Alice chooses a row and Bob chooses a column.




Figure 3. Numerical payoffs.

(Ken Binmore: “Game Theory: A Very Short Introduction,” Oxford University
Press, 2007 X Y —&fekim® 5 2 51H)
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Figure 1. Cluster diagram.



Figure 2. Fraud dataset with known classifications.



(Dawn E. Holmes: “Big Data: A Very Short Introduction,” Oxford University
Press, 2017 X b —&Rekimo 5 251 )
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